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Unlock the full potential of enterprise data.



About Me
• Research Lead; AI 

Applications 

• Exploring and 
implementing AI 
technologies in data 
pipelines 

• Addressing GenAI 
disruption in data and 
analytics

'A house in the style of Frank Lloyd Wright’s 
Fallingwater'

Generated with Point-E from OpenAI



A broken clock is wrong…

Garbage
in

Garbage
Out



Garbage
in

Gospel
Out

… But it’s still right twice a day



Struggling with Outliers;
Unable to handle genuine novelty



Struggling with 
Outliers;
Unable to handle 
genuine novelty

Credit: @colin_fraser



Struggling with Outliers;
Unable to handle genuine novelty

Employee Salaries

Employee ID Salary

12 500 CZK/Month

116 1.000.000$/year

1243 $75,000/year

242344 3.000/month

555 250.00 Kc/Year

63465 100.000 USD/month

Employee Salaries

Employee ID Currency Salary Pay 
Frequency

12 USD $5,000 Annual

116 USD $1,000,000 Annual

1243 USD $75,000 Annual

242344 USD $360,000 Annual

555 USD $32,000 Annual

63465 USD 1,200,00 Annual



The Plateau was always (kind of) here





But where’s the value?

Gartner - Hype Cycle for 
Artificial Intelligence, 2024

Investment in AI has 
reached a new high with 
a focus on generative AI, 
which, in most cases, 
has yet to deliver its 
anticipated business 
value.

" Prompt 
Engineering

RAG

Fine-tuning

RLHF

DPO

Tools Function 
Calling

Memory 
Tuning

Agents

Semantic 
Routing

Reranking

Text2SQL



But where’s the value?

All of the applied research going on can 
be boiled down to one thing: “These 
models are cool; now how can I get them 
to do what I actually need?”

Gary Marcus

The revenue isn’t there 
yet, and might never 
come.

"



What got us here? Does it matter?





Deitke et al., “Molmo and PixMo.”





Source: arXiv:2407.21075v1 [cs.AI] 29 Jul 2024



Data is Central
to AI Training
Foundation 
Models

We will run out of data? An analysis 
of the limits of scaling datasets in 

Machine Learning

Projections of Low-Quality Data
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What are you 
doing to 
lengthen this 
curve in your 
domain?

Will we run out of data? An analysis 
of the limits of scaling datasets in 

Machine Learning

Projections of High-Quality Data









Knowing the 
trajectory of AI 
doesn’t help to 
predict the landscape 
that it will shape



Building 
foundations for     
AI is a delicate 
balance



• What is the data for? Does it 
represent what we want?

We need to demand 
more from our tools 
and vendors



• What is the data for? Does it 
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• What data is actually being 
used? How is it being processed?
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and vendors



• What is the data for? Does it 
represent what we want?

• What data is actually being 
used? How is it being processed?

• How do we validate that the 
data and models do the things 
that we want it to do?

We need to demand 
more from our tools 
and vendors



Lessons from the Trenches

Be Pragmatic



Lessons from the Trenches

Be Pragmatic Forge 
Partnerships



Lessons from the Trenches

Be Pragmatic Forge 
Partnerships

Curate your 
Knowledge
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